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The Cancer Genome Atlas (TCGA) is a flagship project of the National Institutes of Health (NIH) in

the US. The aim of this $275 million dollar project is to apply the latest genomic technologies for
comprehensive characterization of cancer genomes, with the data to be freely available to all. The
pilot phase of the project consisted of several data types (e.g., gene expression, DNA copy number,
DNA methylation, microRNA expression, targeted sequencing) for glioblastoma multiforme, ovarian,
and lung cancers. In the current phase, 20 tumors are being characterized in greater detail, using high-
throughput sequencing technologies. These data have become the standard datasets for the tumor
types profiled and have resulted in dozens of follow-up papers, both in methodological and
experimental aspects. In this workshop, we will teach the participants how to take advantage of the
TCGA data. We will describe the various data types, how to access raw data, how to access the results
of interim analyses that are being made available to the community, a set of core bioinformatics tools
in the standard analysis pipeline, caveats on data quality, and current plans for data production and
publications. Hands-on sessions will allow the users to explore these resources. Depending on the
interests of the participants, additional discussions on specific analyses (e.g., copy number, RNA-seq
or whole-genome analysis) may take place. There will also be a brainstorming session on potential

analyses using data, with ideas solicited from the participants.

Requirements: The lectures will be given in English; some discussions may be in Korean. Participants
are expected to be familiar with next-generation sequencing technologies and have read at least one of
the main consortium papers (Nature 455:1061, 2008; Nature 474:609, 2011)

About the lecturers: Dr. Park has been an investigator on the TCGA project since its inception. He is
currently a co-investigator of the Genomic Data Analysis Center at the Broad Institute/Harvard
Medical School, which serves as the main analysis hub; he also leads the analysis efforts for whole-
genome sequencing data being produced at the Harvard Genome Characterization Center. Ms.
Elizabeth Chun is a lead analyst at the British Columbia Cancer Agency, which produces RNA-seq
and miRNA-seq data for the project.
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